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Abstract

When it comes to producing meaningful and trustworthy research, ensuring validity and reliability is
absolutely essential, no matter which methodology is used. This article brings together practical advice
on how to design and assess questionnaires effectively for both quantitative and qualitative studies. It
highlights the value of relying on well-established scales with proven reliability, running pilot tests to
perfect the instruments, and consulting subject-matter experts to make sure the questions truly reflect
the concepts being measured. In quantitative research, it is especially important to check internal con-
sistency and apply statistical techniques to test how well the scales perform, aiming for results that are
both solid and broadly applicable. On the qualitative side, being transparent about the research process
and staying reflective as a researcher are key to building trust and reducing bias. The article also en-
courages blending methods when appropriate, as this can provide richer data and help confirm findings
through triangulation. Ultimately, a thoughtfully designed questionnaire, tested and validated properly,
can significantly improve the strength, credibility, and overall value of research across various fields.

Research Paper
Keywords: Questionnaire Validity, Questionnaire Reliability, Quantitative Study, Qualitative Study
Reference to this paper should be made as follows: Hossan, D., Wolfs, B., Jesmin, N.M.S., & Petkovic,

M. (2025). Questionnaire Validity and Reliability: A Review with Practical Guidelines. Journal of En-
trepreneurship, Business and Economics, 13(1), 135-186.

Copyright © 2013-2025

L Scientificia
www.scientificia.com


mailto:d.hossan@research.sbs.edu
mailto:dalowarhossan.bd@gmail.com
https://orcid.org/0000-0002-3139-5880
https://orcid.org/0000-0001-8606-7182
https://orcid.org/0000-0002-4872-9322
https://orcid.org/0000-0002-1989-0504

Hossan, D., Wolfs, B., Jesmin, N.M.S., & Petkovic, M. 2025. Questionnaire Validity and Reliability:
A Review with Practical Guidelines

Introduction

Questionnaires are one of the most common tools used to collect data
in both qualitative and quantitative research (Taherdoost, 2022). They offer a
practical way to obtain consistent information from participants and are
widely used across a variety of disciplines including medicine, natural sci-
ences, business, and the social sciences. Despite their popularity, the useful-
ness and credibility of the data gathered through questionnaires hinge largely
on two crucial factors: validity and reliability (Anderson et al., 2022).

Reliability refers to the consistency, stability, and repeatability of
measurements over time, across different items, and among various observers
(Bujang et al., 2024). It reflects how consistently an instrument produces the
same results under similar conditions, reducing the impact of random errors
(Tavakol & Dennick, 2011). In quantitative research, high reliability is nec-
essary to establish the trustworthiness of results and serves as a prerequisite
for validity (Adeyemi, 2024). For instance, if a scale measuring employee
work engagement provides different scores for the same individual across re-
peated administrations without any real change in the underlying construct,
the scale would be deemed unreliable. There are three types of reliability
(test-retest reliability, internal consistency, inter-rater reliability) commonly
discussed in quantitative research (Shelley et al., 2024). While, in qualitative
research, the notion of reliability translates to dependability (Lim, 2024). Ra-
ther than focusing on replicability in the statistical sense, dependability em-
phasizes the consistency of the research process. Researchers ensure depend-

ability through an audit trail, documentation of decisions, and transparent pro-
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cedural steps, allowing others to trace the path from data collection to find-
ings. Validity refers to the degree to which an instrument accurately measures
what it is intended to measure. It reflects the truthfulness, relevance, and
meaningfulness of the inferences drawn from research findings (Lopez et al.,
2023). In quantitative research, validity is a multidimensional concept that
includes content, construct, and criterion-related validity. In qualitative re-
search, validity is conceptualized through the lens of trustworthiness (Ahmed,
2024), encompassing several components such as, credibility, transferability,
confirmability, dependability.

A reliable questionnaire yields similar results under consistent condi-
tions and across different times, raters, or items. Without reliability, research-
ers cannot be certain whether observed differences in data are due to actual
variation in the construct or merely measurement error (Chetwynd et al.,
2022). Validity, on the other hand, concerns the accuracy and relevance of
the measurement tool that examines whether the instrument truly measures
the construct it purports to measure (Chetwynd et al., 2022). Importantly, a
measurement tool can be reliable without being valid, but it cannot be valid
unless it is reliable (Tavakol & Dennick, 2011). In quantitative research, va-
lidity and reliability are often assessed using statistical techniques such as
Cronbach’s alpha, factor analysis, and correlation with external benchmarks
(Millar et al., 2022). In contrast, qualitative research approaches validity and
reliability through a different lens known as trustworthiness (Ahmed, 2024;
Golafshani, 2003).

As researchers across various fields place greater emphasis on meth-
odological rigor, there is a growing need to approach questionnaire design
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with equal attention to both validity and reliability (Bauer et al., 2024). This
can be particularly challenging for those working with mixed-methods, where
maintaining measurement quality across both qualitative and quantitative
strands is essential. To address this gap, the current paper aims to offer a well-
rounded discussion on these two fundamental aspects of questionnaire devel-
opment. By drawing on both theory and real-world examples from established
studies (such as Golafshani, 2003; Tavakol & Dennick, 2011; Choi & Pak,
2005), it brings together insights from different research traditions. The goal
is to equip researchers with clear, practical guidance that can help improve
the validity, reliability, and overall trustworthiness of their instruments across
a wide range of academic and applied settings.

Considering the aforementioned challenges, this research seeks to dis-
cuss key issues through the following set of questions:

(1) How are validity and reliability conceptualized and ap-
plied within both quantitative and qualitative research paradigms?

(2) What challenges do researchers face when designing
questionnaires, and what ethical considerations must they take into
account during the process?

3) How can a researcher ensure validity and reliability in
their studies through the application of best practices (that have been
recommended in this article)?

In the first part of the introduction, the researcher outlines the funda-
mental concepts of validity and reliability, then emphasises their importance

and interrelationship. The second part discusses the application of validity
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and reliability in both quantitative and qualitative research, providing practi-
cal guidelines for implementation. The third part addresses the challenges re-
searchers encounter during questionnaire development, along with the ethical
considerations they must take into account. Finally, the concluding section
presents recommendations and best practices for ensuring validity and relia-

bility in research.

Methods

The information used in this article came from the various fields of
published research articles. The flowchart (figure 1) explains how these were
chosen from various potential options. Figure 1 illustrates the types of publi-
cations that were considered for and rejected from further consideration at
each level. All of the material was looked through using ScienceDirect/ Else-
vier as the data-bases of choice. This study assesses the validity and reliability
of a newly developed questionnaire using construct validity and construct re-
liability. Therefore, it was determined that the following search phrases would

be helpful: “construct validity” and “construct reliability”.
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Key words identification

“Construct Validity”, “Construct Reliability”

\ 4

4,038 articles related to Construct Validity and 929 articles related to Construct Relia-
bility have been published in ScienceDirect/ Elsevier in 2024 (n=4967)

Exclusion criteria: 4722 articles either discuss
“Construct Validity” or “Construct Reliability”

v

Both “Construct Validity and “Construct Reliability” have been discussed in 245 arti-
cles in 2024 that published in ScienceDirect/ Elsevier (n=245)

Exclusion criteria: 112 articles with no full ac-
cess

v

Full text articles (n= 133; Review article=3, Research article = 127, Data article = 1,
Others = 2) for preliminary eligibility.

Most suitable 26 articles have been selected form
the previous steps + 3 additional articles have
been attached

After qualitative assessment 29 articles selected (n=29)

Figure 1. Sampling Process

All duplicate records and irrelevant documents were meticulously
screened to ensure the reliability and rigor of this systematic review. The ini-
tial search identified a total of 4,038 articles related to construct validity and
929 articles related to construct reliability, resulting in a total of 4,967 articles
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published in 2024 on ScienceDirect/Elsevier. After applying exclusion crite-
ria to remove 4,722 articles that discussed only one of the two constructs, a
total of 245 articles that addressed both "construct validity" and "construct
reliability" were retained for further consideration. Among these, 112 articles
were excluded due to lack of full-text access, leaving 133 eligible articles
(comprising 3 review articles, 127 research articles, 1 data article, and 2 oth-
ers). To assure the quality and relevance of the literature, article abstracts
were rigorously evaluated, followed by a full-text analysis to determine eligi-
bility. Ultimately, based on qualitative assessment and purposive sampling
aligned with the study's objectives, 26 articles with additional 3 articles, n=29
were selected for inclusion (list in appendix). The selection process ensured
that only the most relevant and illustrative studies were incorporated, enhanc-
ing the robustness of the analysis. This methodological rigor ensures that the
conclusions drawn are grounded in high-quality and comprehensive academic

evidence.

Discussion
Validity and Reliability in Quantitative Research
Types of Reliability in Quantitative Research
In quantitative research, reliability ensures that the measurement tool
consistently produces the same results when used under similar conditions. It
is a key element for establishing the credibility of quantitative findings. Dif-
ferent types of reliability play distinct roles, depending on the type of instru-

ment and the context in which data is collected. This section explores three

141



Hossan, D., Wolfs, B., Jesmin, N.M.S., & Petkovic, M. 2025. Questionnaire Validity and Reliability:
A Review with Practical Guidelines
main types of reliability that are particularly relevant to questionnaire-based

research.

Internal Consistency

Internal consistency refers to how closely the items within a question-
naire relate to one another and measure the same underlying concept (Kang
et al., 2024). It assesses whether the items work together to evaluate the same
idea or construct. Cronbach’s alpha is the most commonly used statistical
method to determine internal consistency (Nurhidayati & Sukri, 2025). A
value of 0.70 or higher is typically considered acceptable, suggesting that the
instrument has adequate internal reliability (Adeniran, 2025).

For instance, a questionnaire designed to assess employee work en-
gagement might include items related to vigour, dedication, and absorption.
Internal consistency ensures that these items are strongly correlated and col-
lectively represent the broader concept of employee work engagement. High
internal consistency enhances the precision and clarity of the measurement,
making the results easier to interpret and trust. However, it is important to
note that an excessively high Cronbach’s alpha (e.g., above 0.90) could indi-
cate that some items are too similar, leading to redundancy and diminishing
the unique value of each item (Adeniran, 2025). Researchers need to find a
balance, ensuring that the items are connected but not repetitive (Tristan-
Lopez, 2025).

The steps for determining internal consistency are given below:
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@total 213 res.sav [DataSet1] - IBM SPSS Statistics Data Editor

File  Edit View Data Iransform Analyze DirectMarksting Graphs Utiiies Add-ons Window Help
) Reports » ¥ =

ELELEEF HE BT 400 "
[ [ Custom Tables »

| we1r | we2 || compareMeans » wes | wer | wes | wes | a1 |

1 5.00 5.00 General Linear Model ) 3.00 5.00 4.00 4.00 400

2 5.00 4.00 Generalized Linear Models » 4.00 5.00 4.00 4.00 4.00

3 4.00 4.00 Mixed Models ) 4.00 4.00 4.00 4.00 4.00

4 3.00 5.00 Correlate R 4.00 5.00 4.00 4.00 3.00

5 4.00 5.00 Regression N 5.00 5.00 5.00 5.00 400

6 4.00 4.00 e N 4.00 4.00 5.00 4.00 3.00

7 4.00 4.00 T R 3.00 3.00 4.00 4.00 3.00

8 4.00 3.00 i 3.00 4.00 3.00 5.00 3.00
Classify »

9 400 4.00 ) ) 400 3.00 4.00 5.00 400

10 200 200 Dimension Reduction » oo 4 oo son 200 4.00

1 4.00 a0 | @€ " | [ getiatiity Anaiysis.. 00 4.00

12 4.00 4.00 Nonparametric Tests " | B3 multidimensional Unfolding (PREFSCAL).. o 3.00

13 4.00 4.00 FOTEELTE " | B muticimensional Scaling (FROXSCAL)... Do 4.00

14 4.00 4.00 Sundval ' Multidimensional Scaling (ALSCAL)... po 4.00

15 3.00 4.00 MINpEHsanogae U 700 700 300 300 4.00

16 4.00 4.00 |l Missing Value Analysis... 4.00 4.00 3.00 3.00 4.00

17 400 4.00 Multiple Imputation » 400 4.00 3.00 3.00 400

18 3.00 3.00 Complex Samples ’ 4.00 4.00 3.00 3.00 4.00

19 4.00 4.00 | simulation... 3.00 4.00 3.00 3.00 400

Step 1. Internal Consistency (Analyze > Scale> Reliability analysis)

#3 Reliability Analysis X

Items:

& - & | gatstcs. |

JDs WE2
& JD6 &> WE3
& D7 & WE4
& JDs &- WES
& JD9 &> WES
& JD10 @ &5 WET
& JD11 &> WES
&> JD12 &5 WE9

&b JD13
&b JD14

D in4e

Scale label:  |work_engagemen |
Lok J[ paste || Reset || cancel || _Heip |

Step 2. Internal Consistency (Transfer the Items of Work Engagement from
Left to Right)

[4]
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@ Reliability Analysis: Statistics X
Descriptives for Inter-ltem
| ltem "] Correlations
| Scale "] Covariances

« iScale if item deleted

Summaries ANQOVA Table

| Means @ None

| vVariances © Ftest

| Covariances © Friedman chi-sguare

| Correlations © Cochran chi-square
|| Hotelling's T-square | Tukey's test of additivity

| Intraclass correlation coefficient

- -

[Qonﬁnue][ Cancel ][ Help ]

Step 3. Internal Consistency (Statistics > Descriptive for Scale if Item De-
leted)

The internal consistency of the work engagement scale, as assessed
by Cronbach’s Alpha, is 0.761, indicating acceptable reliability for research
purposes. The scale comprises 9 items, and most items show moderate to
strong corrected item-total correlations, suggesting that they are appropriately
aligned with the overall construct. Notably, item WE3 has the highest item-

total correlation (0.692), indicating strong consistency with the total scale,
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while item WEG6 shows a very low correlation (0.040), suggesting it may not

fit well with the other items.

Reliability
Scale: work_engagement

Case Processing Summary

N *
Cases  “Alid 213 100.0
Excluded® 0 o
Total 13 100.0

a. Listwise deletion based on all varables in the procedure.

Reliability Statistics

Cronbach's
Apha N of tems
761 ]
ftern-Total Statistics
Comected Cronbach's
Scale hiean if | Scale Wanance ftem-Total Apha if ftem
tern Deleted | if tem Deleted Comelation Deleted
WE1 31.7793 a0z 380 748
WEZ 31.7324 8.876 528 729
WE3 31,6854 773 B9z Ba6
e 31.8028 8.546 560 J22
WES 31.8826 9444 230 aT
ES 31.8169 10.160 040 798
WE? 31,6995 8.843 368 751
ES 31.9765 7817 725 689
WrES 39718 8.244 535 T3

SPSS Output Viewer Window 1: Internal Consistency

If WE6 were removed, Cronbach’s Alpha would increase to 0.798,
indicating improved internal consistency. This suggests that removing WE6

could enhance the scale's reliability.
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ﬂa Reliability Analysis X
fems gaiscs.

| WEB - & WET

& JD1 & WE2

& JD2 &b WE3

& JD3 & WE4

& JD4 & WES

& JD5 & WE?

& JDB &b WES

& J07 &5 WE9Q

& JD8

& JD9

& JD10 ||

D a4 had

Model: Alpha b. 4 |

Scale label: [work_engagement l

| 0K I gas‘te annl Cancel HeIB

Step 4. Internal Consistency (Transfer WE6 from Right to Left)

If WES5 were removed, Cronbach’s Alpha would increase to 0.811,

indicating improved internal consistency.

Reliability Statistics
Cronbach's
Alpha N of ltems
798 8
Item-Total Statistics
Scale Corrected Cronbach's
Scale Mean if Variance if Item-Total Alpha if ltem
Item Deleted Item Deleted Correlation Deleted
WET1 27.8028 8.367 418 .788
WE?2 27.7559 8.327 540 773
WE3 27.7089 7.217 TJ17 740
WE4 27.8263 8125 531 772
WES 27.9061 8.765 270 811
WE7 27.7230 8.296 376 796
WES 28.0000 7.198 705 741
WESJ 27.9953 7.731 539 770
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SPSS Output Viewer Window 2: Internal Consistency
Item WES shows a very low correlation (0.270), suggesting it may not

fit well with the other items.

@ Reliability Analysis X
ltems: .
&> WES - &b WE1
&> WES & WE2
&> JD1 &b WE3
&> JD2 &b WE4
&> JD3 &b WET
& JD4 & WES
&> JD5 &b WE9
&> JDB
&> JD7
&> JD8
&> JD9 ||
& inan had
Model: Alpha - |

Scale label: Iwork_engagement I

[ ok ][ Paste || Reset |[cancel || Help |

Step 5. Internal Consistency (Transfer WES from Right to Left)
This suggests that removing WE6 and WES could enhance the scale's

reliability, and their inclusion should be reconsidered in future refinements of

the instrument.
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Reliability Statistics
Cronbach's
Alpha N of ltems
811 7
Item-Total Statistics
Scale Corrected Cronbach's
Scale Mean if Variance if Item-Total Alphaif ltem
Iltem Deleted Item Deleted Correlation Deleted
WE1 23.8920 7.087 418 807
WE2 23.8451 7.169 485 795
WE3 23.7981 6.011 726 751
WE4 23,9155 6.785 562 784
WET 23.8122 6.889 416 810
WES 24.0892 6.006 710 754
WES 24.0845 6.549 523 791

SPSS Output Viewer Window 3: Internal Consistency

Test-Retest Reliability

Test-retest reliability measures the stability and consistency of a ques-
tionnaire over time. This involves administering the same instrument to the
same group of respondents on two different occasions and then comparing
the results (Vilagut, 2024). A high test-retest reliability indicates that the in-
strument consistently measures a construct that remains stable over time (Fu
et al., 2024; Jung et al., 2024). This type of reliability is especially important
in longitudinal studies or when monitoring changes in stable constructs, such
as personality traits or attitudes (Gelino et al., 2024). The time gap between
the two test administrations must be just right, not so short that memory ef-

fects influence the results, and not so long that actual changes in the construct
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are likely. A strong correlation (e.g., Pearson’s r > 0.70) between the initial
and follow-up scores suggests good temporal stability.

The following steps outline the process for assessing test-retest relia-
bility:

R “Untitled? [DataSeto] - 1BM SPSS Statistics Data Editor
File Edit View Data JTransform Analyze DirectMarketing Graphs Utilities Add-gns  Window  Help

SHeE M e~ BLA- KN EYBLTE 100 %

Name Type Width Decimals Label Values | Missing  Columns Align Measure Role

1 D Numeric 8 0 None None 8 = Center & Nominal ~ Input
[ 727 ; Test Numeric 8 0 None None 8 = Center & Scale ~ Input

3 ::Numeric 8 0 None None 8 = Center & Scale ~ Input

4

5

6

7

8

9

%[ Variable View|
IBM SPSS Statistics Processor is ready Uni¢

Step 1. Test-Retest Reliability (Variable View)
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D H Test

~

15
16

T

Custom Tables

Compare Means

var |

General Linear Model
Generalized Linear Models
Mixed Models

Correlate

Regression

Loglinear

Neural Networks

Classify

Dimension Reduction

Scale Relial
Nonparametric Tests
Forecasting

Survival

v v v vEEY Vv vy v v v vV Vv

Multiple Response

b@nalysis...
5] Muttidimensional Unfolding (PREFSCAL)...

[ muttidimensional Scaling (PROXSCAL)...
Multidimensional Scaling (ALSCAL)...

Missing Value Analysis...

Multiple Imputation

Complex Samples »
B2, simulation...

Quality Control »

I nAn Auain

Step 2. Test-Retest Reliability (Analyse > Scale> Reliability analysis)

| Retest var | var | var | var | var | var | var | var |
T
7 R Reliability Analysis: Statistics X
8 ~| r Descriptives for r Inter-item =
{ @ Relial 3
15 [« tem [] Correlations
16 [/ Scale [7] Covariances e
D | | scale ifitem deleted
r Summaries  ANOVA Table
[/ Means ®© None
[/ Variances O Etest
[7] Covariances © Friedman chi-sguare
[/ Correlations © Cochran chi-square
Model: [T Hotelling's T-square [T Tukey's test of additivity [
I | [/ Intraclass correlation coefficient
+ Scalela ; :
Model: [T Mixed X Type: olute ement ¥
Confidence interval: %  Testvalue:
L | e weio ] .
(ontingy) (gansald) \ainioud i
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Step 3. Test-Retest Reliability (Descriptive for Items and Scale> Summar-
ies: Means, Variances, Correlations> Intraclass Correction coefficient>

Model: Two-Way Mixed> Type: Absolute Agreement)

The test-retest reliability of the instrument was assessed using the In-
traclass Correlation Coefficient (ICC), which evaluates the degree of con-
sistency or reproducibility of measurements over time. The ICC results show
a perfect reliability score of 1.000 for both single and average measures, in-
dicating excellent test-retest reliability. This result implies that the responses
were perfectly stable across the two measurement points. The analysis used a
two-way mixed effects model, assuming that people effects are random and
measurement effects are fixed. Such a high ICC suggests that the instrument
yields highly consistent results over time, demonstrating strong temporal sta-
bility. However, perfect reliability is unusual and may warrant further inves-
tigation to ensure no methodological issues, such as identical repeated inputs,

influenced the result.
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Processing Summary
ility Statistics Scale Statistics
Rss Correlation Coefficier Std

Mean Vanance Dewiation N of Items
21.20 81.200 9.011 2

VARIABLES

Intraclass Correlation Coefficient

Intraclass 95% Confidence Interval ~ F Test with True Value 0

Processing Summary

ility Statistics
tatistics Correlation Lower Upper
ary ltem Statistics Bound Bound  Value dfl df2 Sig
Statislics Single 1.000° 4
lass Correlation Coefficier Meastires ‘
& Average 1.000° . . 4
Measures

Two-way mixed effects model where people effects are random and measures effects are
VARIABLES fixed.

) a. The estinator 1s the same, whether the mteraction effect 1s present or not.
Processing Summary

ility Statistics b. Type A mtraclass correlation coefficients using an absolute agreement definition
tatistics c. This estimate 1s computed assuming the mteraction effect is absent, because it 1s
ary Item Statistics not estimable otherwise
Statistics
ss Correlation Coefficier
——— | | n

SPSS Output Viewer Window 4: Test-Retest Reliability

Inter-Rater Reliability

Inter-rater reliability is relevant when subjective judgment plays a role
in data collection, such as when raters assess open-ended questionnaire re-
sponses, observe behavior, or code qualitative data in mixed-methods re-
search (Cole, 2024). It measures the degree of agreement or consistency be-
tween different raters who are independently scoring or interpreting the same
data (Tulliez et al., 2025, Ricci-Bonot et al., 2024). Common statistical meth-
ods for evaluating inter-rater reliability include Cohen’s kappa, which ac-
counts for agreement that might happen by chance, and the intraclass corre-
lation coefficient, which is used for continuous data. A high degree of agree-

ment between raters boosts the credibility and objectivity of the findings.
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For example, in an employee work engagement survey where super-
visors or managers are responsible for rating employees' engagement behav-
iors, ensuring high inter-rater reliability is essential for obtaining consistent
and objective data. This type of reliability measures how similarly different
raters evaluate the same individual, helping to minimize measurement errors
that arise from subjective interpretation. To improve inter-rater reliability, re-
searchers should use a standardized behavioral rating scale with clearly de-
fined items that align with key engagement dimensions (e.g., vigor, dedica-
tion, absorption). Providing thorough training for raters, establishing clear
coding guidelines, and conducting a pilot test are crucial steps to align evalu-
ations and identify any inconsistencies. By following these strategies, re-
searchers can greatly enhance the accuracy and reliability of their engagement
assessments, ultimately strengthening the validity and robustness of their
quantitative findings.

The process for assessing inter-rater reliability is described as follows:
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Step 1. Inter-Rater Reliability (Analyze> Descriptive Statistics™> Crosstabs)
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Crosstabs

Row(s):
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Step 4. Inter-Rater Reliability (Counts: Observed> Percentages: Row, Col-

umn, Total)

The inter-rater reliability analysis was conducted using Cohen’s

Kappa to assess the level of agreement between pairs of raters. For Rater 1

and Rater 2, the Kappa value was 0.093, indicating a slight level of agree-

ment. However, this result was not statistically significant (p = 0.236), sug-

gesting that the agreement observed could be due to chance.
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SPSS Output Viewer Window 5: Inter-Rater Reliability

The Kappa scores range from -1 to 1, where 0 represents agreement

by chance and 1 represents 100% agreement between screeners (Table 1).

Achieving high inter-rater reliability is crucial for ensuring the validity and

generalisability of research findings or evaluation results.

Table 1. Kappa score range and interpretation of agreement

Values Interpretation

Smaller than 0.00 Poor Agreement

0.00 to 0.20 Slight Agreement

0.21 to 0.40 Fair Agreement

0.41 to 0.60 Moderate Agreement

0.61 to 0.80 Substantial Agreement
0.81to 1.00 Almost Perfect Agreement
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The comparison between Rater 3 and Rater 4 yielded a higher Kappa
value of 0.167, which also falls within the range of slight agreement. Im-
portantly, this result was statistically significant (p = 0.019), indicating that
the level of agreement between Rater 3 and Rater 4 is unlikely to have oc-

curred by chance.
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% of Total 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 5.0% 0.0%
1000  Count 0 0 0 0 0 0 1 1
% wnthin Rater_3 0.0% 0.0% 0.0% 0.0% 0.0% 0.0% 50.0% 50.0%
% wathin Rater_4 00% 0.0% 0.0% 0.0% 0.0% 0.0% 20.0% 333%
% of Total 00% 0.0% 0.0% 0.0% 0.0% 00% 50% 5.0%
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% vathin Rater_3 5.0% 10.0% 15.0% 10.0% 15.0% 5.0% 25.0% 15.0%
% vnthn Rater_4 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0%
% of Total 50% 10.0% 15.0% 10.0% 15.0% 50% 25.0% 15.0%
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Standard Error®
Approximate
Value Approxmate o Significance
Measure of Agreement Kappa 167 097 2353 019

N of Valid Cases 20

* Not assuming the null hypothesis

b Using the asymptotc standard error assumung the null hypothesis

SPSS Output Viewer Window 6: Inter-Rater Reliability
Overall, while both pairs of raters demonstrated only slight agree-

ment, the findings highlight that Rater 3 and Rater 4 were more consistent

in their ratings than Rater 1 and Rater 2.

159



Hossan, D., Wolfs, B., Jesmin, N.M.S., & Petkovic, M. 2025. Questionnaire Validity and Reliability:
A Review with Practical Guidelines
Types of Validity in Quantitative Research

Establishing validity is essential in quantitative research, as it defines
how accurately an instrument measures the theoretical construct it is designed
to assess. Validity ensures that the conclusions drawn from questionnaire data
are both meaningful and reflective of reality. Three main types of validity are
typically addressed in quantitative research: content validity, construct valid-
ity, and criterion validity. Each plays a unique role in reinforcing the reliabil-

ity of measurement instruments.

Content Validity

Content validity refers to how well a measurement instrument repre-
sents all aspects of the construct being studied. This type of validity ensures
that the items in a questionnaire fully capture the scope of the domain they
are meant to assess (Moreira dos Santos et al., 2024). For example, a ques-
tionnaire aimed at measuring employee work engagement should include
items that cover different dimensions, such as vigor, dedication, and absorp-
tion.

Establishing content validity usually involves a thorough literature re-
view followed by an evaluation from subject matter experts. These experts
assess whether the questionnaire items are appropriate, relevant, and ade-
quately represent the construct being measured (Szakaly et al., 2024). Content
validity is considered a qualitative judgment (Ayanwale et al., 2024) and does

not depend on statistical methods. As Choi and Pak (2005) note, using expert
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panels to review items for clarity and comprehensiveness is a common prac-
tice to strengthen content validity in fields like the pure sciences, business
management, and social science research.

The following steps outline how to assess content validity:

Step 1: Expert Evaluation of Item Relevance

The initial phase involved collecting evaluations from a panel of do-
main experts deemed most qualified to assess the instrument’s content. In this
context, Experts were selected based on their expertise and direct experience
with the subject matter under investigation (Alsulami et al., 2024). Each pan-
elist was asked to evaluate individual items in the instrument by categorizing
them as either “essential,” “useful but not essential,” or “not necessary” for
representing the construct. This classification approach is grounded in Law-
she’s method for quantifying expert consensus. Items receiving greater con-
sensus as “essential” are considered to demonstrate stronger content validity.

Step 2: Computation of the Content Validity Ratio (CVR)

Following expert evaluation, the CVR was calculated for each item using the

formula:

n. — (N/2
CVR = 7N( ; 2/ )
Here, ne = number of experts indicating an item as “essential,” and N
= is the total number of experts
The resulting CVR values range from —1 to +1, where values greater
than 0 indicate that more than half of the experts rated the item as essential.
For example, if four out of five experts deemed an item essential, the CVR

would be (see Table 2):
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4-(5/2) _

CVR = =0.6

5/2

It is critical to interpret these values against established minimum
thresholds (critical values), which vary by panel size. Values below the criti-
cal CVR suggest inadequate consensus and thus limited content validity for
the item.

Table 2. Content Validity Ratio

Question Expert 1 Expert 2 Expert 3 Expert 4 Expert 5 CVR

4 0.60

4 0.20

-0.20

2 0.20

& -0.20

0.60

AAYEANAAAY
AAYERANERANAY
QR I8 R

A
A 4 1.00

Step 3: Calculation of the Content Validity Index (CVI)

To evaluate the overall content validity of the instrument, the CVI was
computed as the average CVR across all items. This composite index provides
a global assessment of content validity, with values closer to 1 indicating
stronger agreement among experts. For instance, given seven items with re-

spective CVRs of 0.6, 0.2, —0.2, 0.2, —0.2, 0.6, and 1.0, the CVI would be:

0.6 40202402 02+06+1.0
ovi= 20t ‘*7 T00+10 o
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Table 3. Content Validity Index

# of Panelists Critical Value
5 0.99
6 0.99
7 0.99
8 0.75
9 0.78
10 0.62
11 0.59
12 0.56
20 0.42
30 0.33
40 0.29

A CVI of 0.31 indicates a low level of agreement among experts re-
garding the essentiality of the items within the instrument, suggesting poor
overall content validity. Since the CVI is calculated as the average of the
CVRs of all items, a value of 0.31 reflects that most items were not consist-
ently rated as “essential” by the panel of subject matter experts. This implies
that the instrument may not sufficiently capture the intended construct and
therefore lacks theoretical soundness and practical applicability. A CVI of
0.31 falls significantly below the commonly accepted threshold of 0.80 or the
critical value (Table 3) associated with the number of raters (e.g., 0.99 for
five experts), indicating the need for substantial revision. Items with low CVR
scores should be refined, clarified, or replaced based on expert feedback to

enhance the overall CVI and ensure the instrument's relevance and validity.
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Construct Validity

Construct validity assesses whether an instrument genuinely measures
the theoretical construct it is designed to capture. This form of validity is par-
ticularly important when working with abstract concepts, such as employee
work engagement. Construct validity is typically divided into two subtypes:
convergent validity and discriminant validity (Monteiro & McConnell, 2023).

1. Convergent validity assesses the degree to which two measures of
constructs that theoretically should be related are actually related

(Chou et al., 2024, Favieri et al., 2024).

2. Discriminant validity evaluates whether concepts or measurements
that are supposed to be unrelated are, in fact, distinct (Chou et al.,

2024).

Statistical techniques like exploratory and confirmatory factor analy-
sis are commonly used to test construct validity. These methods analyze the
underlying structure of the questionnaire to ensure that the items are correctly
aligned with the intended factors. Tavakol and Dennick (2011) highlight the
importance of factor analysis as an effective tool for establishing construct
validity, especially in fields like psychology and education.

Table 4. Construct Validity

Convergent validity Discriminant validity

Construct Average variance ex- Heterotrait-Monotrait ratio (HTMT)
tracted (AVE) Y1 Y2 Y3 Y4

Job demands (Y1) 0.739

Job resources (Y2) 0.682 0.635

Personal demands (Y3) 0.73 0.783 0.362

Personal resources (Y4) 0.841 0.741 0.736 0.537

Work engagement (Y5) 0.538 0.362 0.273 0.825 0.461
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The analysis of construct validity (Table 4), focusing on convergent
and discriminant validity (HTMT), reveals meaningful results (Nigatu et al.,
2024; baji¢ et al., 2024). For convergent validity, the Average Variance Ex-
tracted (AVE) values for each construct are all above the acceptable threshold
of 0.50 (Hossan et al., 2020), indicating that the constructs, such as Job De-
mands (Y1), Job Resources (Y2), Personal Demands (Y3), Personal Re-
sources (Y4), and Work Engagement (Y5), effectively capture variance in
their respective indicators. Regarding discriminant validity, the Heterotrait-
Monotrait ratio (HTMT) values remain below the typical thresholds of 0.85
or 0.90 for most of the construct pairs, suggesting that the constructs are suf-
ficiently distinct from one another (Hossan et al., 2020). Specifically, the
HTMT values between constructs such as Job Demands (Y1) and Job Re-
sources (Y2) (0.635), or Work Engagement (Y5) and Personal Demands (Y3)
(0.461), all fall within acceptable ranges, further supporting the discriminant
validity of the model. Overall, the analysis demonstrates that the constructs
exhibit both strong convergent and discriminant validity, reinforcing the ro-

bustness of the measurement model.

Criterion Validity

Criterion validity evaluates how well a measure correlates with an
outcome or an external criterion (Mukred et al., 2024). It reflects the ability
of a questionnaire to predict a variable that is theoretically related (Song et

al., 2023). Criterion validity is typically divided into two types:
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1. Concurrent validity refers to the extent to which the results of a par-
ticular test correspond to those of a previously established measure

administered at the same time (Fu et al., 2024, Jung et al., 2024).

2. Predictive validity evaluates how well the instrument forecasts future

outcomes (Yusoff et al., 2024).

For example, a newly developed employee work engagement scale
might be validated by comparing its results with those obtained from an es-
tablished and widely used engagement instrument, demonstrating concurrent
validity. Similarly, predictive validity can be assessed by examining how well
the engagement scores forecast key organizational outcomes such as job per-
formance, employee retention, or absenteeism over time. Choi and Pak (2005)
emphasize that establishing criterion validity is particularly important in ap-
plied fields, including organizational and human resource research, where the
ability of a measure to accurately predict real-world outcomes can directly
influence management strategies and workplace interventions. While crite-
rion validity involves rigorous statistical testing, its success largely depends
on the availability and appropriateness of established benchmarks for com-
parison. Together, concurrent and predictive validity provide a thorough
framework for assessing the accuracy, relevance, and practical utility of en-
gagement questionnaires in quantitative research. Each type plays a crucial
role in developing reliable and scientifically robust measurement tools.

Table 5. Concurrent Validity Assessment (Inter-Item Pearson Correlation

Matrix for Work Engagement)

WE1 WE2 WE3 WE4 WE5 WE6 WE7 WE8 WE9
WEI 1 201 .348™ 295" .155%  -112 189 412%™ 329"
WE2 201" 1 6517 .150° 374 019 365" 454" 230"
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WE3 348" 651" 1 398" 2317 006 425 6107 502"
WE4 295" 150" 398" 1 077 1977 3817 .634™ 4237
WES5 .155° 374" 231" .077 1 -.148" -.014 243" 2577
WE6 -.112  .019 .006  .197" -148" 1 017 169" .057

WE7 189" 365" .425™ 381" -014 .017 1 265" .190™
WE8 412" 454" 610" .634™ 243" 169" 265" 1 503"

WE9 329" 230" 502" 423" 257" .057 .190" .503™ 1

**_Correlation is significant at the 0.01 level (2-tailed).

*. Correlation is significant at the 0.05 level (2-tailed).

Table 5 presents the Pearson correlation matrix assessing the inter-
item relationships among the nine items (WE1 to WE9) of the Work Engage-
ment scale. The majority of item pairs show positive and statistically signifi-
cant correlations at the 0.01 or 0.05 levels, indicating that the items are meas-
uring a common underlying construct. For example, WE3 is strongly corre-
lated with WES8 (r = .610, p <.01) and WE9 (r =.502, p <.01), while WES
also shows strong positive correlations with multiple items, including WE4 (r
=.634, p <.01). These strong associations support the scale’s concurrent va-
lidity by demonstrating that the items consistently reflect the same conceptual
dimension of work engagement. However, item WEG6 exhibits weaker and
sometimes negative correlations with other items, such as with WEI (r =
—.112) and WES (r = —.148%*, p < .05), which may indicate that it is not as
well aligned with the construct and could be reviewed for potential revision
or removal. Overall, the results provide empirical support for the concurrent

validity of the work engagement scale based on internal item relationships.

Table 6. Predictive validity

Construct Q? predict RMSE MAE
Employee Work Engagement  0.771 0.483 0.384
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Table 6 presents the predictive validity results generated using the
PLS-Predict procedure in SmartPLS 4. The Q? predict value for Employee
Work Engagement is 0.771, which indicates strong predictive accuracy (Ra-
mayah et al., 2018). In addition, the RMSE (Root Mean Squared Error) and
MAE (Mean Absolute Error) values are reasonably low, supporting the
model’s out-of-sample predictive validity. According to Shmueli et al.
(2019), a model demonstrates predictive validity when its prediction errors

are lower than those of a benchmark model, such as linear regression.

Validity and Reliability in Qualitative Research

In qualitative research, validity and reliability are understood differ-
ently than in quantitative research. Rather than emphasizing measurement
precision or replicability, qualitative researchers focus on ensuring the trust-
worthiness of their findings. Lincoln and Guba's (1985) framework offers a
valuable structure for assessing the credibility, transferability, dependability,
and confirmability of qualitative research by interview, observations, discus-

sions, and records (Chin et al., 2024).

Trustworthiness Framework
Lincoln and Guba's (1985) framework outlines four key criteria that
serve as qualitative counterparts to validity and reliability:

1. Credibility refers to the truthfulness or believability of the research
findings, ensuring that the research accurately represents the phenom-
ena being studied. This is similar to internal validity in quantitative
research (Bahrami & Nasiri, 2024).
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2. Transferability relates to how well research findings can be general-
ized or applied to other contexts or settings, which mirrors external
validity in quantitative research (Shahzeydi et al., 2025).

3. Dependability addresses the stability of the findings over time, much
like reliability in quantitative studies. It involves providing a clear au-
dit trail that allows others to track the research process and replicate
the study (Bahrami & Nasiri, 2024).

4. Confirmability refers to how much the findings are shaped by the
participants' perspectives, rather than by the researcher’s biases or

preconceptions. This is akin to objectivity in quantitative research

(Bahrami & Nasiri, 2024).

Table 7. Measuring Validity and Reliability in Qualitative Research Using

the Trustworthiness Framework

Criteria  'Y%" Strategies to En- 1\ / Methods  Evidence in Report
pose hance
) Triangulation ‘ Description of triangu-
. . NVivo, cross- lated sources or ana-
(data, investigator, .
theory, method) source coding lysts
’ Participant quotes
- Member Check- Feedback  sum- Verbatlm' | responses
. . . . from participants vali-
Credi- Internal  ing maries, transcripts . .
bility  Validity dating findings
Field notes, peer Notes or memos from
- Peer Debriefing  review documen- discussions with col-
tation leagues
- Prolonged En- . Evidence of sustained
Field logs, obser- . .
gagement & Per- vation records involvement in the
sistent Observation field
Trans- B Thick - Descrip- NVivo memoing, Demographics, envi-
. External tion of context, . .
ferabil- i .. detailed narrative ronmental context,
. Validity participants, and . .
ity setting reporting sample characteristics
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- Purposive Sam- Sample  matrix, Rationale for selection,
lin P NVivo attribute ta- linked to research ob-
ping bles jectives

- Audit Trail

Research journal,
coded audit files

Transparent record of
research steps and cod-
ing process

De- Relia- i Code-Recode Manuall coding (.Zodlng.rehablhty over
penda- bility Strate comparison or time with comparison
bility gy NVivo matrix of coding outputs
- External Peer Ex- Coding validation Peerjrewewed. cod}ng
o consistency, discussion
amination logs
outcomes
-.Reﬂ.ex1v1ty (po‘51- Reflexive journal, Reﬂectlpns on  per-
tionality & Dbias . . sonal biases and their
memos in NVivo S
awareness) potential impact
- . - Audit Trail . lear link
Con Objec- ud}t Trai & Codebook,  direct Clear linkage between
firma- tivit Data-Findings uotes in findines codes, themes, and raw
bility Y Link d 8 data
- Triangulation Coding matrices, .
. . Data consistency
(again  supports source comparison ACTOSS SOUTCES
confirmability) in NVivo

Enhancing Credibility

Enhancing credibility is crucial for establishing trustworthiness in

qualitative research. Several strategies can be used to ensure that the findings

are credible and accurately reflect participants' perspectives:

Member Checking: One of the most widely used methods to boost
credibility is member checking, where the researcher presents the
findings to participants to confirm that their views are represented cor-
rectly. This process allows participants to validate or clarify their re-
sponses, improving the accuracy and trustworthiness of the results

(Golafshani, 2003).

For example, in a study exploring employee work engagement, preliminary

themes

such as "sustained energy at work" (vigor), "emotional investment in
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organizational goals" (dedication), and "deep focus during tasks" (absorption)
were shared with participants in follow-up interviews. Participants confirmed
that these themes accurately reflected their experiences, and in some cases,
provided further clarification on how their sense of dedication varied during
organizational changes.

o Prolonged Engagement: Prolonged engagement refers to spending
enough time in the field to build rapport with participants and gain a
deep understanding of the research context. This strategy helps the
researcher develop a more comprehensive view of the phenomenon
and reduces the risk of misinterpretation due to superficial involve-
ment (Golafshani, 2003).

The researcher might, for example, spend a long period within the HR depart-
ments of several firms, participating in informal conversations, team meet-
ings, and day-to-day observations. This immersion helps the researcher to
capture subtle aspects of engagement, such as how morning briefings influ-
enced employees' vigor, rather than relying solely on self-reported experi-
ences.

o Triangulation: Triangulation involves using multiple data sources,
methods, or researchers to cross-check and validate findings. This ap-
proach enhances credibility by offering a broader, more diverse per-
spective on the research topic and helps minimize biases or limitations
that may arise from relying on a single source or method.

For instance, data are collected through semi-structured interviews, daily re-
flection diaries from employees, and internal HR performance reports. The
convergence of insights from these sources strengthened the credibility of
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themes, such as employees feeling most absorbed during task-focused work
environments and least engaged during mandatory administrative duties.
Ensuring Dependability

Dependability refers to the consistency and reliability of both the re-
search process and its findings over time (Bahrami & Nasiri, 2024). To ensure
dependability, researchers must maintain transparency by thoroughly docu-
menting each step of the research process. This includes providing a detailed
audit trail that outlines the decisions made throughout the study, such as how
data were collected, analysed, and interpreted. An audit trail enables others to
trace the research steps, ensuring that the findings are not arbitrary and can
be replicated. In qualitative research, this level of documentation helps
demonstrate the stability of the findings and strengthens their dependability.
Additionally, researchers may use peer debriefing, where an external re-
viewer examines the research process and findings to confirm that the meth-
odology is rigorous and consistent.

For example, the study normally uses a clear protocol for interview
coding, with codebooks updated iteratively as new data emerge. For instance,
any code (such as "loss of vigor") might be added after repeated references to
burnout during discussions of policy changes. An audit trail is maintained,
documenting why such changes are made and how they influence thematic
development. Peer debriefing further enhances dependability; an external
qualitative researcher periodically reviews transcripts and coding decisions to
ensure interpretations are grounded in the data and not shaped by the lead

researcher’s expectations.
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Confirmability and Transferability

Confirmability ensures that research findings are shaped by the data
rather than the researcher’s biases or assumptions (Shahzeydi et al., 2025).
This can be achieved by techniques such as keeping a reflexive journal, where
the researcher notes personal thoughts and reflections throughout the study.
The journal helps the researcher stay aware of potential biases, ensuring that
they do not inadvertently influence the findings. In addition to maintaining an
audit trail, confirmability can be strengthened by involving external auditors
who review whether the findings are supported by the data and free from re-
searcher bias. This process enhances the credibility and objectivity of the re-
search.

The researcher, for instance, maintains a reflexive journal to track per-
sonal assumptions, such as expecting that older employees would show less
engagement, and how these assumptions are challenged during interviews.
The journal entries, along with a detailed audit trail and external auditing of
data interpretations, help confirm that the findings are data-driven.

Transferability refers to the extent to which research findings can be
applied to other contexts (Shahzeydi et al., 2025). Although qualitative re-
search does not aim for broad generalizability, transferability highlights the
importance of providing enough context and detail for others to assess
whether the findings are relevant to their own settings. The use of thick de-
scription (rich, detailed accounts of the research context, participants, and set-
tings) is crucial in ensuring transferability. By offering thick description, re-
searchers enable others to make informed judgments about how the findings
may apply to different environments or populations.
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Employees, for example, in a start-up describe engagement in terms
of flexibility and creativity, while those in a corporate bank link engagement
to structured recognition programs. These detailed contexts allow other re-
searchers and practitioners to judge whether the findings are applicable to

their own organizations.

Strengthening Qualitative Rigor through Member Checking and Inter-
Coder Reliability

To further enhance the rigor and trustworthiness of qualitative re-
search, incorporating member checking and inter-coder reliability is essential.
Member checking allows participants to review and validate the accuracy of
the transcribed data or emerging themes, ensuring that their perspectives have
been authentically interpreted. This process can occur during data collection,
after transcription, or at the analysis stage, and it serves as a powerful tool for
increasing credibility and transparency. In parallel, inter-coder reliability in-
volves multiple researchers independently coding a subset of data, then com-
paring their results to assess consistency and reduce subjective bias. Discrep-
ancies are discussed and resolved collaboratively, refining the coding frame-
work and strengthening the dependability of the analysis. Utilizing qualitative
data analysis software such as NVivo can facilitate this process by quantify-
ing coder agreement and visualizing coding overlaps. These strategies con-
tribute significantly to the rigor, accountability, and reproducibility of quali-

tative research.
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Member checking strengthens validity (credibility), while inter-coder
reliability enhances reliability (dependability) in qualitative research. For ex-
ample, in a study exploring how employees engage with their work, research-
ers carried out a series of in-depth interviews to understand personal experi-
ences of vigor, dedication, and absorption. To ensure the findings truly re-
flected participants’ perspectives, the team used member checking by sharing
an early summary of emerging themes with the interviewees. Some partici-
pants offered thoughtful clarifications, for instance, suggesting that what the
researchers had initially described as “task immersion” was more in line with
how they perceived absorption, and that “commitment” didn’t quite capture
the emotional drive they associated with dedication. These insights prompted
the researchers to refine their thematic labels, improving the study’s credibil-
ity. At the same time, to maintain analytical consistency, two researchers in-
dependently coded several transcripts using the same codebook. When they
encountered differences, like one tagging a section as “vigor” while the other
saw it as “task engagement”, they discussed their reasoning, adjusted the code
definitions, and used NVivo to track and resolve overlaps. This process of
inter-coder reliability helped ensure the findings were not only coherent but

also dependable across researchers.

Challenges and Ethical Considerations
Challenges

The design and implementation of questionnaires present several
challenges that need to be carefully addressed. One major challenge is cultural
sensitivity. Questions that are valid in one culture may be misinterpreted or
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irrelevant in another, so it's important to ensure the questionnaire is culturally
appropriate for all respondents. This may involve translating the question-
naire and conducting pre-tests in different cultural contexts to ensure clarity
and relevance.

Another challenge is respondent fatigue, especially in lengthy sur-
veys. If participants find the questionnaire too long or repetitive, they may
lose interest or rush through their responses, which can compromise the qual-
ity of the data. To address this, researchers can design shorter questionnaires
or break long surveys into smaller, more manageable sections.

Ambiguity in questions is also a common issue. Vague or unclear
questions can lead to misinterpretation, which undermines the reliability of
the data. To avoid this, it is essential to pre-test the questionnaire and ensure
that questions are specific, clear, and unambiguous, so they capture the in-

tended responses accurately.

Ethical Considerations

Ethical considerations are crucial in any research involving human
participants. One of the most important requirements is informed consent,
which ensures that participants are fully aware of the study’s purpose, proce-
dures, potential risks, and benefits before agreeing to participate. This trans-
parency allows participants to make an informed decision about their involve-
ment.

Anonymity is another key ethical concern. Researchers must take
steps to protect participants' identities throughout the study and when dissem-
inating results. This can be achieved by assigning codes or pseudonyms to
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participants and ensuring that no personally identifiable information is in-
cluded in the final analysis.

Minimizing participant burden is also an important ethical considera-
tion. Researchers should design questionnaires that are not overly time-con-
suming or mentally taxing, as excessive demands can lead to disengagement
or distress. Providing clear instructions and offering appropriate incentives

can help reduce participant burden while upholding ethical standards.

Recommendations and Best Practices
Use Established Scales with Documented Validity and Reliability When
Possible

One of the key practices for ensuring the validity and reliability of
questionnaires is to use established scales that have already been rigorously
tested. These scales come with documented evidence of their psychometric
properties, confirming that they are both reliable (providing consistent results
over time) and valid (measuring what they are intended to measure). By using
established scales, researchers can minimize the need for extensive validation
processes, as their validity and reliability have already been demonstrated in
previous studies. This approach not only saves time but also enhances the

credibility of the research.
Conduct Pilot Studies to Refine Instruments
A pilot study is an essential step before launching a full-scale survey

or questionnaire. It allows researchers to test their instruments on a small
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group of participants, helping to identify any issues with clarity, comprehen-
sion, or potential ambiguities in the questions. A pilot study can reveal
whether certain questions need to be revised, if the length of the scale is ap-
propriate, or if there are any technical problems with administering the sur-
vey. The feedback gathered from a pilot study enables researchers to make
adjustments before beginning the full data collection process, ultimately im-

proving the validity and reliability of the final instrument.

Engage Experts for Content Validation

Content validation is the process of ensuring that the questions in a
questionnaire accurately represent the construct being measured. To achieve
this, researchers should involve subject matter experts who can assess the rel-
evance and appropriateness of the content. These experts offer valuable feed-
back on whether the items effectively capture the concept being studied. Their
input also helps eliminate irrelevant items and ensures that the survey com-
prehensively measures the intended constructs, ultimately enhancing the con-

struct validity of the questionnaire.

Exploratory Factor Analysis (EFA) is primarily used for construct validity:
a part of questionnaire validity, but not directly for assessing questionnaire
reliability

EFA is mainly used to check construct validity, which means it helps
see if the questionnaire items that are supposed to measure the same idea ac-
tually group together under one factor. This is useful to confirm that the struc-
ture of the questionnaire makes sense. However, questionnaire validity is a
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broader concept that includes content validity (whether the questions fully
cover the topic), construct validity (supported by EFA), and criterion validity
(whether the questionnaire matches real-world outcomes). EFA only helps
with construct validity, not the other types. On the other hand, questionnaire
reliability means how consistent the responses are across items, and it is usu-
ally measured with Cronbach’s alpha, not EFA. So, while EFA is helpful for
checking part of the questionnaire's quality, other tools are needed to fully

test its validity and reliability.

Apply Mixed-Method Strategies to Enrich Data Quality

A mixed-method approach, which combines both quantitative and
qualitative methods, can greatly enrich the data collection process. Quantita-
tive methods provide numerical data that can be analyzed statistically, while
qualitative methods offer deeper insights into the reasons, thoughts, and mo-
tivations behind respondents' behaviors. By blending these two approaches,
researchers can cross-validate their findings, leading to a more comprehen-
sive and nuanced understanding of the research topic. For example, qualita-
tive interviews can help explain patterns discovered during the quantitative
phase, thereby strengthening the overall validity of the research conclusions.
Maintain Transparency and Reflexivity in Qualitative Designs

In qualitative research, transparency and reflexivity are crucial for en-
suring the trustworthiness of the findings. Transparency involves providing a
clear explanation of the research process, including how data were collected,
analyzed, and interpreted. Reflexivity, on the other hand, requires researchers
to reflect critically on their own role in the study, recognizing any biases or
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assumptions they may bring to the research. This reflection helps ensure that
the conclusions drawn are shaped by the participants' experiences rather than
the researcher's personal perspectives, ultimately enhancing the validity and

reliability of the study.

Conclusion

Validity and reliability are fundamental pillars of research design, and
their significance cannot be overstated. While these concepts are assessed dif-
ferently in quantitative and qualitative research, they both aim to ensure that
the findings are accurate, trustworthy, and meaningful. In quantitative re-
search, reliability concerns the consistency of results, while validity ensures
that the instrument truly measures what it is intended to. In qualitative re-
search, reliability is often linked to the consistency of data interpretation, and
validity focuses on the authenticity and credibility of the findings. To achieve
strong research outcomes, it is essential to design questionnaires that undergo
thorough testing for both validity and reliability. A well-designed question-
naire, built on established scales, piloted for refinement, and validated
through expert feedback and mixed-method approaches, boosts the credibility
of the research. By upholding transparency and reflexivity, researchers can
ensure their qualitative designs meet the same rigorous standards, contrib-
uting to the overall validity and reliability of the study. Ultimately, evaluating
both validity and reliability strengthens the research's credibility and maxim-

izes its impact on the field.
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